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Model the type of data available

Fosults — Researchers have to either collect the data themselves (court

Discussion observations, manually coding court records)

— Or rely on official data from the judiciary

e Court observations are very flexible but they are time
consuming

— Normally based on small samples

— And on one or a small number of courts

e Official datasets made available by the judiciary tend to
withhold key variables

— Offender’s characteristics are often removed

— The judge and court IDs are often missing too



UNIVERSITY OF LEEDS

Introduction

Implications of Missing Courts/Judges

Data Scrapping

Sample e Statistical models missing court and/or judge information are
Model seriously flawed

Result — Measures of uncertainty (standard errors, confidence intervals,

Discussion etc.) are underestimated

— Higher chances of taking false positives as significant effects

3-19



UNIVERSITY OF LEEDS

Introduction

Implications of Missing Courts/Judges

Data Scrapping

Sample e Statistical models missing court and/or judge information are
Model seriously flawed

Results — Measures of uncertainty (standard errors, confidence intervals,
Discussion etc.) are underestimated

— Higher chances of taking false positives as significant effects

e The exploration of key topics such as the extent and origin of
sentencing disparities are severely hindered

— Are certain courts harsher or more lenient than others?

— Is this due to the characteristics of the court (e.g. size, workload
pressure, etc.)?

Or is it just down to the judges who operate in those courts?
What kind of judges sentence more harshly/leniently?

Do court and judge characteristics interact (e.g. do urban judges
resent sentencing from rural courts?)
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Disparities in England & Wales
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Sample

N e In 2011 England and Wales created a new Sentencing Council
Results

— In charge of designing new sentencing guidelines
Discussion

— Seeking to promote consistency in sentencing

e For the last five years I have been looking at sentencing
disparities and the effect of the guidelines

— I have been involved in four projects commissioned by the
England and Wales Sentencing Council

e We have only been able to assess disparities at the court level

— Requests to access judge IDs have been systematically denied

— We have applied to all formal channels (Sentencing Council,
Ministry of Justice, HM Courts and Tribunals Service)
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Data Scrapping Sentence Transcripts

Data Scrapping

Sample

Model e After failing repeatedly at obtaining judge data through formal

Results channels I decided to take the problem into my own hands
Discussion

e [ came across this website www.thelawpages.com

— Used by legal practitioners to advertise their services
— Sentence transcripts are uploaded on a daily basis
— These transcripts contain information about the characteristics

of the offence, the offender, the court, and the judge

e We used a data scrapping algorithm to open and scan them
sequentially

— We did this protected by the 2014 amendments to the 1988
Copyrights Act


www.thelawpages.com
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Data Scrapping

Sample THELAWPAGES.COM Ad closed by Google
TRUSTED LEGAL RESOURCES
Mode

Report this ad [RVEGNEGE

HOME HEARINGS SENTENCES ADVICE DIRECTORY CPD/EVENTS JOBS
ABOUT SEARCH CASES  ADVANCED SEARCH  CRIMINAL OFFENCES CASE LISTS PROSECUTION PRISONS POLICE

Results

COMMUNITY

CRIME MAPS  MAXIMUM SENTENCES
Discussion

LEGAL ADVICE

LEGAL DIRECTORY
Find a soli

i . » Barristers & Chambers
tor or public access barrister  Charities
» CPD & Training
Post your case for a solicitor, barrister, or other legal service provider to contact | | » Expert Witnesses
+ Interpreters & Translation
» Investigators & Tracing Agents
+ Professional Indemnity Providers

» Solicitors & Solicitors Firms
Sign up or Sign in More.
LEGAL JOBS LEGAL DIARY
Latest | Candidates | Recruiters kb \chinkd

~avaaan Legal aid roadshow: Plymouth 30 October 2017.
Experienced Paralegal
£ 15000 - £ 20000
Bromley

The Law Society oCcT
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Data Scrapping P '9
Sample HOME ADVICE CPD/EVENTS JOBS COMMUNII
ABOUT SEARCH CASES ADVANCED SEARCH CRIMINAL OFFENCES CASE LISTS PROSECUTION PRISONS POLICE CRIME MAPS MAXIMUM SENTENCES
Model Search Again | Results: 20044 1 2 3 4|5 6 |7 1002 | 1003 || Next »
ults [oave] cour | supce | oerewoant | cewoeR| ace| INDICTMENT / OFFENCE sewrence
X 27-10-  Central Criminal Judge Rebecca  Shobidul Islam  Male 26 Making and possessing indecent images of children Custodial
Discussion 2017 Court (Old Poulet QC Years Possessing an article/s for a purpose connected with termnsm immediate
Communicating false information with intent / Bomb h Custodial
Encouragement of terrorism, directly o indirectly, m:mng nren:aumgmg \mmed\ate
others to commit acts of terrorism [2 counts] Custo
immdiate
Custodial
immediate
27-10-  Leicester Crown Judge Nicholas ~ Ezekiel Male 20 Murder Custodial
2017 Court Dean QC Brathwaite Years immediate
27-10- Central Criminal Judge Mark Mark Loveridge  Male 37 Manslaughter due to diminished responsibility Custodial
2017 Court (Old Lucraft QC Years  Unlawiully and maliciously wounding or causing grievous bodily harm (GBH)  immediate
Bailey) with intent Custodial
immediate
26-10-  Blackfriars Crown Mr Justice Alan  Terence Barry  Male 44 Conspiracy to murder Custodial
2017 Court Wilkie Years immediate
26-10-  Central Criminal  Judge Philip Alec Hong Chin Male 46 Acquisition, use or possession of criminal property Custodial
2017 Court (Old Jackson Katz QC Years  Conspiracy to control prostitution / Causing of Inclting prostitution for gain /  immediate
Bailey) Controling prostitution for gain [2 counts] Custodial
Trafficking in persons for the purposes of prostitution / Trafficking within the  immediate
UK for sexual exploitation [2 counts] Custodial
immediate
26-10- Gentral Criminal Judge SabahKhan  Female 27  Murder Custo
2017 Court(Old Chnslnpher Moss Years immediate
Bailey)
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Introduction

Data Scrapping o We managed to pull a dataset of 19,183 cases sentenced in
Sample England and Wales from 2005 to 2017

Model — Our analysis was restricted to 7,221 violent offences sentenced to

Results prison in the Crown Court from 2007 to 2017
Discussion
e Most variables used were taken directly from the transcript

— e.g. sentence outcome, type of offence, whether offence
committed on bail, etc.

— Others such as the gender or the type of judge, were
subsequently coded using their full name

e We have 81 courts and 1,140 judges

— 63% of cases were passed by judges who were observed to
sentence from more than one court

— 26% of the sample are cases of murder — more serious cases are
overrepresented

— The average sentence length is 126 months in prison, with 29%
of the sample sentenced to life imprisonment

8-19
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Introduction

Model

Data Scrapping
Sample e Our focus is on disparities in the duration of custodial sentences

Model
e Yet, the complexities of the data made us depart from the
standard linear model

Results
Discussion

— Three different random effects were used to account for the
hierarchical cross-classified structure of the data

— A court effect, and two judge effects distinguishing whether the
judge rotates or works from the same court

— Cases sentenced to life were considered right-censored with the
mandatory minimum taken as the last observed point

— Accelerated failure time Weibull specifications were used to
account for the right-censoring and non-normality in the response

— The models were programmed in WinBUGS

e To distinguish between gross and net disparities empty and full
(i.e. controlling for case characteristics) models were estimated
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Model empty model:
}n“ log(T) = (B1 + 1) X1 + (B2 + 2) X2 + (5 + €
¢1 ~ N(0,01)
G2 ~ N(0,02)
Cs ~ N(0,03)

& ~ extreme value distribution

full model:
log(T) = (B + ) X1 + (B2 + ()Xo + BiXi + (s + 3¢
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Table 3. Complete Results from Model 2

Estimate 95% CT
Fod Efects

Judge Characteristics

Rotate 1206

Stay 1205

Judge female 003

Circuit 038

High Court 062

Qc 001 ¢

Recorder 030 &

Defendant Characterisics

Defendant male 041 028,054)
Defendant age 001 (001,001)
Case Characteristcs

‘e 004 (002,005
Co-defendants 018 (011,026

Attempted mucder
GBH

GBH with intent
Conspiracy to GBEL
ABH

Common assault
Affiay

Malicious wounding
Violent disorder
Asson

Arson with intent
Conspiracy to asson

Robbery
Attempted robbery
Conspiracy to robbery

idnap
Conspiracy to kidnzp
Rape

Indecent assault
Sexval activity with child
Sexual assault

Rape of a child

Attempted rape

Attempted rape of  child
Indecent assault child
Assault by penetration
Dangerous driving

Death by cateless driving
Death by dangerous deiving
Alcohol related death driving
Tnjucy by dangerous driving

5
(-6.68,-6.09)
(-601,-543)
(-634,-578

(-4.63,-4.01

(459, -4.06)
(+448,-4.00)
(5.20,-4.63)
(-3.45,-286)
(4.68,-367)

(641,-5.73)
(430,-382)
Cass 50
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Introduction

Results: Fixed Effects

Data Scrapping

Sample

Model Table 3. Complete Results from Model 2

Results Estimate 93% CI
Fixed Effects
Judse Characteristics
Rotate 12.06 (11.7,12.43)
Stay 12.05 (11.69,12.42)
Judge female 003 (-0.12,0.19)
Circuit -0.38 (-0.77,0.04)
High Court 0.62 (041,082)
QC 0.01 (-0.08, 0.10y
Recorder -0.30 (-0.41, -0.18)

e High Court (the most senior and prestigious) judges sentence
more harshly

e Recorders (least senior, often part-time) sentence more leniently

14-19
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Introduction

Results: Random Effects

Data Scrapping
Sample
Model Table 2. Summary of Results from Models 1 and 2
Results Model 1 Model 2
S Estimate 93% CI Estimate 93% CI
iscussion
Fixed Effects
Rotate 594 (5.73, 6.15) 1206 (117, 12.43)
Stay 535 (5.17, 5.53) 12.05 (11.69, 12.42)
Random Effecte
Croere 043 (0.35, 0.53) 0.18 (013, 0.24)
Gjudgerotare 110 (1,1.21) 036 (0.30, 0.44)
Trudgestay 0.69 (0.61,0.78) 047 (0.39,0.56)

e Between-court disparities are relatively negligible, especially
after controlling for case characteristics

e Between-judge disparities are about twice as prevalent
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Table 2. Summary of Results from Models 1 and 2

Model 1 Model 2
Estimate 95% CI Estimate 95% CI
Fixed Effects
Rotate 594 120 (11.7,12.43)
Stay 5.35 12. (11.69, 12.42)
Random Effecte
ooure 043 (0.35,0.53) 018 (0.13,0.24)
Tjudge.rotate 110 (1,121) 0.36 (0.30, 0.44)
Fjudge.stay 0.69 (0.61,0.78) 0.47 (0.39, 0.56)
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Results: Random Effects

Table 2. Summary of Results from Models 1 and 2

Model 1 Model 2
Estimate 95% CI Estimate 95% CI
Fixed Effects
Rotate 594 (5.73, 6.15) 12.06 (11.7,12.43)
Stay 5.35 (3.17, 5.33) 12.05 (11.69, 12.42)
Random Effecte
ooure 043 (0.35,0.53) 018 (0.13,0.24)
Tjudge.rotate 110 (1,121) 0.36 (0.30, 0.44)
Fjudge.stay 0.69 (0.61,0.78) 0.47 (0.39, 0.56)

e Incidentally, accounting for judge-court interactions, we
observed an extremely interesting result

— Judges who rotate deal with more heterogeneous caseloads
— But in spite of that they sentence more consistently

— This corroborates the hypothesis that judges moving across
courts fosters exchange of good practices and consistency in
sentencing
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Introduction

In Summary

Data Scrapping
Sample
Model

Results

Between-judge disparities are much more relevant than
Discussion between-court disparities (Johnson, 2006)

High Court judges seem to sentence more harshly than circuit
judges, which in turn are harsher than recorders

Judges moving across courts seems to process a more
heterogeneous caseload than those staying in the same court

However the former do so more consistently than the latter
(Hester, 2017)

17-19
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Introduction
Data Scrapping
Sample
Mool e The exploration of sentencing disparities requires the modelling
— of court and judge disparities, and their interactions
Discussion — And to do so we need to access court and judge IDs

— Findings from this unofficial dataset are more insightful than
everything I have done during the last five years put together

e Our results suggest reconsidering the Council’s strategy

— Their focus should not be on monitoring court outliers,

— but on addressing the differences between types of judges

It seems that there are more effective strategies to promote
consistency

Fostering judicial rotation: a less intrusive approach than
requiring adherence to sentencing guidelines

18-19
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Introduction

Discussion

Data Scrapping
Sample
Model

Results

e This type of research will probably become more mainstream as
a consequence of the big data revolution

Discussion

— With the ever growing amount of information available online

— It might be worthwhile to keep looking beyond official sources of
data

e We are planning future work using the law pages data
— Discrimination against Muslims

— The effect of alcohol on sentencing (aggravating or mitigating)
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